Content Promotion for Online Content Platforms

with the Diffusion Effect

1. Introduction

Content promotion policy plays a prominent role in online content platforms.
We study the diffusion-based promotion strategy. Such as TikTok —~5 '
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2. Diffusion Model
Our model is adapted :—f)TE)F()_r?](_)fi(_)ﬁz;I_c_o_e%_: Objective: Maxim_ize the total adoptions.
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4. Experiment Results from a Large-scale Video Sharing Platform

Dataset: one of the largest video-sharing platforms in China.
46,444 short videos; 518,646 users; 20 days (7/1/2020-7/20/2020).
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